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technology
user data protection. While AI provides an 
empowering
accessible,
individuals to take early and informed action
initial assessment, professional consultations 
in managing their skin conditions.
accurate 
essential
remain
for
VII. Model Implementation and Training
medicalevaluation.Continuous improvements 
through user feedback refine the model’s 
accuracy over time. Future advancements, 
including telemedicine and real-time doctor 
consultations, will further enhance its impact. 
This technology has the potential to 
revolutionize dermatology, making early 
diagnosis and preventive care more accessible 
worldwide. 
IX. FUTURE WORK 
 
Direct Doctor Consultation via Email & 
Messaging – Users can connect with 
dermatologists through secure email and 
messaging features, ensuring timely expert 
guidance and personalized treatment 
recommendations. 
Integration of Telemedicine Services – 
The system enables virtual consultations with 
CONCLUSION 
VIII.
healthcare professionals, allowing users to 
In conclusion, the AI-based skin disease 
receive real-time medical advice and 
detection system is a transformative innovation 
prescriptions without visiting a clinic. 
in dermatological diagnostics, combining 
Expansion of Disease Categories – The AI 
deep learning and generative AI for high-
model will be trained on a broader dataset to 
precision disease classification. By 
identify a wider range of skin conditions, 
automating diagnosis, it minimizes human 
improving diagnostic accuracy and coverage 
error, enhances early detection, and empowers 
for diverse dermatological issues. 
 with valuable health insights. 
users
The system ensures accessibility through 
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