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[bookmark: _Hlk182926791] Abstract - Data science has emerged as a transformative force in addressing some of the most pressing challenges faced by society today. Traditionally, efforts to tackle issues like poverty alleviation, disaster management, and urban mobility relied heavily on manual analysis and heuristic approaches, which often suffered from subjectivity, inefficiency, and limited scalability. 
With the advent of advanced data science techniques, these domains are undergoing a paradigm shift, leveraging big data, machine learning, and predictive analytics to drive data-informed decision-making and optimize resource utilization. 
For example, in helping to reduce poverty, data science helps us find areas that need more support and makes sure resources are given where they can make the biggest difference in people's lives. In emergencies, collecting data quickly and using maps helps those who respond to predict problems, plan how to move people to safety, and send help where it's needed most. In cities, using data helps make traffic better, keeps people safe, and makes traveling around easier. 
This paper reviews how data science is used in these three important areas, showing its ability to promote social benefits. By combining information from different studies, it explains the methods, difficulties, and effects on society related to data science. The results show the great potential in using data science to develop solutions that are not only new but also fair and sustainable.
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I. Introduction
Data technological know-how has more and more emerged as a significant tool for addressing complex social challenges, presenting actionable insights by extracting, processing, and analyzing huge-scale datasets. With the upward thrust of superior analytics, device gaining knowledge of, and IoT, records science packages now span various fields, from public fitness and poverty alleviation to urban safety and transportation. This paper critiques records technological know-how packages with excessive social effect capability, that specialize in three domains: (1) poverty remedy in rural regions, (2) catastrophe management via geospatial analytics, and (three) wise transportation structures. Each area offers specific insights into the functionality of statistics science to improve exceptional of life, decorate safety, and force equitable increase.
II. Methodology
The approach used in this review includes a thorough examination of current research on how data science can be applied to help society, especially in areas like reducing poverty, managing disasters, and improving transportation. This process involves finding important studies, assessing their research methods, and combining their findings to give a clear picture of the field. By looking at various sources and using strict criteria for selection, this review shows both the powerful impact and the limitations of data science in solving social issues.
A. Research Approach:
The research method used in this study focuses on analyzing relevant literature and case studies through qualitative methods. The main goal is to assess how data science is applied in three areas—helping reduce poverty, managing disasters, and improving transportation—by examining important contributions, methods, and results. A thematic analysis was done to find common trends and challenges in the reviewed studies. 
The focus is on research that looks at new ways to use big data, machine learning, and IoT technologies. The review also includes results from studies that deal with ethical, social, and practical issues. This way, we get a complete view that covers both technical progress and its effects in the real world.
B. Data Sources and Selection Criteria:
The information for this review comes from trusted sources like peer-reviewed articles, conference papers, and technical reports found in databases such as IEEE Xplore, ScienceDirect, Springer, and ACM Digital Library. We used a careful process to choose only the most important and reliable studies.
The criteria for choosing these studies were:
1. Relevance: Studies that directly deal with data science in the areas we are interested in.
2. Timeliness: Research published in the last ten years to include recent developments.
3. Citations and Influence: Studies that are highly cited and have made significant contributions in the field.
4. Diversity: A combination of theoretical and practical studies to give a complete picture.
The last group of papers was assessed based on how well their methods worked, how well their solutions could be used on a larger scale, and how much they affected society. This ensures a strong basis for this review.
C. Evaluation Metrics:
The research was evaluated using certain criteria to measure how well data science can be used for social benefits. These criteria are:
1. Scalability: How well the solutions work in different and large-scale situations.
2. Efficiency: How fast, resourceful, and cost-effective the solutions are.
3. Accuracy: How precise the predictive models and analytics are in solving specific problems.
4. Impact: The positive effects on society from using these solutions.
These measurements helped us see the good and bad points of each method, giving us a way to compare how useful they are in different areas.
D. Scope of the Review:
This review goes beyond just technical uses and looks at how data science affects society and ethics. While it mainly focuses on helping with poverty, disaster recovery, and transportation issues, it also shows how different fields can learn from each other and work together. This broad view means the results can be useful not just in the areas studied, but also in wider conversations about how data science can help improve society.
III. Literature Review
Data science has been widely studied for its potential to promote social benefits, especially in areas like reducing poverty, managing disasters, and improving transportation systems. This review brings together results from recent research, highlighting the creative ways data-driven technologies are used, their effects on society, and the difficulties faced during their application.
A. [bookmark: _Hlk183111995]Data Science in Poverty Alleviation:
Data science has become an important tool for helping to reduce poverty by allowing us to identify communities that need help more accurately and use resources more effectively. In the past, methods for fighting poverty often used broad assumptions and old information, which made them less successful. But recent improvements in collecting and analyzing data have changed this, as shown by Sun and others in their research on helping poor areas in rural China.
Their study used big data analysis to combine information about household incomes, people's backgrounds, and where they live, creating a detailed map of where poverty is most severe. This helped leaders know exactly where to focus their efforts and make plans that fit each area's needs. For instance, places with potential for farming received special support and better infrastructure, which helped them grow their economy over time.
Another major input is the application of machine learning algorithms for predictive modeling. The models predict poverty trends by analyzing past data, which allows for pro-active measures rather than reactive responses. Examination further stipulates the implementation of IoT in data capture focusing on real time information on the distribution of resources and economic activities hence getting a glimpse of immediate needs within impoverished areas. However, despite all these, challenges such as data standardization, privacy, and digital infrastructure in rural settings among others require more research and development.
B. Data Science in Disaster Management:
In disaster management, data science has played a role in mitigating risk, enhancing preparedness, and improving emergency response capabilities. IoT devices, with geospatial analytics, allowed the real-time monitoring of environmental and human activity data to inform swift decision-making during crises. An example of this is through the City Geospatial Dashboard demonstrated by Lwin et al., which aggregates data from satellites, sensors, and public records for actionable insights during disasters.
The dashboard features real-time population density maps and risk prediction models, primarily relevant in flood and earthquake-sensitive areas. For instance, predictive analytics in the flood zone have been applied to predict which areas of a region are likely to be flooded as a result of rainfall patterns and river basin data, thus allowing for preemptive evacuations and resource allocation. In addition, IoT-enabled sensors found in disaster-prone areas present continuous updates on environmental changes, thus ensuring timely responses to emerging threats.
Machine learning algorithms also serve as important precursors in assessing the effect of disasters. For example, picture recognition models help recognize extent of satellite images to determine damage to infrastructure and relevant resources required in recovery efforts. Other challenges include inadequate data on unpopulated places, expensive deployment costs, and the need for stringent data-sharing interties among parties
C. Data Science in Intelligent Transportation Systems
City transportation systems are using data science more and more to improve traffic control, make travel safer, and lessen environmental effects. Zhang and others looked into how machine learning can predict traffic jams and suggest different routes. Their study showed that combining data from various sources like GPS, traffic cameras, and social media helps create better traffic models.
One important use of data science in transportation is creating models that predict accidents. These models use past crash data, weather, and road conditions to find areas with a high risk of accidents. By putting in place safety measures like better signs and lower speed limits in these areas, officials can greatly reduce the chances of accidents happening.
Another important development is the use of real-time data to improve public transportation. For example, predictive tools can look at how people travel and adjust bus and train times to reduce waiting and make services better. Also, sensors in transportation systems check air quality and noise, helping leaders make decisions for a healthier city.
However, there are problems to solve, like scattered data, systems not working well together, and worries about personal data privacy. Fixing these issues is key to fully using data science to change how we move around cities.
D. Cross-Domain Applications and Insights
Although data science applications vary across different fields, some shared ideas show the broad potential of data-driven solutions. For example, using location-based data in disaster management can help identify areas with resource shortages, which can then be used to improve poverty reduction strategies. Also, real-time systems used in smart transportation can be adjusted to track resource distribution in disaster-prone or poor areas.
Moreover, issues like data privacy, ethical concerns, and infrastructure problems highlight the importance of having standard guidelines and working together. 
IV. Comparative Study
A. Application Areas:
Data science applications in these three areas all aim to improve efficiency and decision-making by using insights from data. In poverty reduction, the focus is on finding economic differences and making sure resources are shared fairly. Disaster management uses real-time data to help with emergency responses, and transportation systems use predictive models to handle urban mobility issues.
B. Identified Challenges:
Although data science has the potential to bring about significant changes, it also encounters various difficulties in its use. In efforts to reduce poverty, the absence of real-time data and inconsistent methods of collecting data make it hard to meet constantly changing needs. In disaster management, there are gaps in infrastructure, especially in distant areas, which restricts the use of IoT devices and real-time monitoring systems. In intelligent transportation, combining data from different sources is a major challenge because of data silos and inconsistencies.
C. Proposed Solutions:
To address these issues, using consistent data rules and structures is crucial. For helping people escape poverty, IoT devices can be placed in rural regions to collect immediate information about resource requirements and how they are shared. In managing emergencies, investing in geospatial technology and combined data systems can improve how different groups work together. For transportation, federated learning models provide a good answer by allowing data to be shared among different groups without risking privacy.
V. Comparative Table:
	Comparison Point
	Paper1
	Paper2
	Paper3
	Paper4

	Primary Focus
	Using big data analytics to pinpoint areas with high poverty and efficiently distribute resources for targeted poverty reduction.
	Using IoT and geospatial dashboards to monitor disasters and respond to emergencies in real-time.
	
Machine learning models for improving traffic flow, predicting traffic jams, and preventing accidents in city transportation.
	Combining predictive analytics and IoT in multi-modal transportation systems to promote sustainability.

	Key Strengths
	Combining census and demographic data to make precise poverty maps.
	Combining information from various sources such as satellites and IoT devices to gain useful insights during emergencies.
	Accurate models for forecasting traffic jams and pinpointing areas prone to accidents.
	Making solutions work well in both cities and the countryside, using smart methods to find the best ways to travel. Making solutions work well in both cities and the countryside, using smart methods to find the best ways to travel.

	Major Challenge
	Different regions use different ways to organize data, which makes it hard to make solutions work everywhere.
	Deployment is limited in remote areas because setting up IoT infrastructure is expensive and agencies have trouble sharing data.
	Data is scattered and different traffic management systems can't easily work together.
	Concerns about privacy when using data from commuters and difficulties in combining data from different sources.

	Proposed Solutions
	Using IoT devices in rural areas to gather real-time socioeconomic information and enhance standardization.
	Creating integrated geospatial systems to improve data sharing and cooperation among different organizations.
	Using federated learning models to make sure different systems can work together while keeping data private.
	Improved encryption methods and anonymous data-sharing systems to handle privacy issues.



VI. Review of Identified Problems and Suggested Solutions
	Sr. No.
	Paper Title
	Identified Problems
	Review and Suggested Solutions

	1
	Big Data and Standardization Application in Targeted Poverty Alleviation
	Inconsistent methods of gathering information and the absence of up-to-date data in rural regions.
	Set up IoT systems to collect data in real-time and develop standard methods for managing data consistently.

	2
	City Geospatial Dashboard: IoT and Big Data Analytics for Disaster Management
	Limited use of IoT sensors in distant areas and lack of data-sharing agreements between different organizations.
	Create integrated geospatial systems to combine various data sources and improve the ability of IoT systems to handle large amounts of data in areas often affected by disasters.

	3
	Data Science for Intelligent Vehicles
	Data is scattered and there are worries about privacy because different traffic systems don't work well together.
	Utilize federated learning models to securely combine data, maintain privacy, and enhance traffic prediction and accident prevention.

	4
	Predictive Analytics and IoT in Sustainable Transportation Systems
	Concerns about privacy when dealing with data from commuters and challenges in managing data from various transportation methods.
	Use frameworks that share data without revealing personal information and employ strong encryption methods to protect privacy while improving transportation systems.




VII. Limitation of Current Research
Although data science has made big improvements in helping society, there are still some problems that stop it from being used more and working better. These problems include issues with data, technology, ethics, and how research is done. Fixing these problems is important to make data science work better at solving problems in our society.
A major problem is that different places use different ways to organize their data. In areas like helping people who don't have much money, this difference in how data is collected makes it hard to put all the information together. This messiness not only makes it harder to use the data in many places but also affects how well we can predict things and decide where to send help. Also, in places that are far from cities or often have problems like natural disasters, there isn't enough up-to-date information, so leaders can't quickly make decisions to help. Plus, it costs a lot to put in special devices and keep them working in these areas, which makes the problem even worse.
Another big problem is the limits of technology. Advanced data science tools often need a lot of computer power and special systems, which are not easily found in places with fewer resources. For example, using machine learning to improve traffic or predict disasters really needs strong computers and constant data flow. These needs make it hard to use these tools in places that are not well-developed or have limited resources, which makes the gap between rich and poor areas even bigger.
Privacy and ethical issues are big challenges, especially in transportation and disaster management systems. Using personal data, like travel habits or financial details, brings up questions about consent and data protection. Often, current rules aren't strong enough to handle these issues, making systems open to misuse and data breaches. For instance, combining commuter data in smart transportation systems without proper anonymization can lead to privacy breaches, which can hurt people's trust in these technologies.
From a methodological standpoint, current research frequently concentrates on individual problems or solutions without thinking about how they fit into a complete system. For example, many studies suggest new ways to gather or analyze data, but they often don't provide a clear plan for how these methods can be used on a larger scale or in real-world situations. Also, there's not much effort to bring together different fields—like technology, society, and rules—to tackle complex issues in a more complete way.
Finally, there is a clear lack of research on how new technologies like artificial intelligence (AI) and blockchain affect data science projects that aim to help society. Even though these technologies have the power to make big changes, we don't know much about how to use them in the systems we already have. We need to figure out if they will work well, if they will cost a lot, and if they will cause any ethical problems to make sure they can be used successfully.
 

Conclusion
Data science has the power to make big changes in solving important problems in our society, like helping people who don't have enough money, dealing with big events like natural disasters, and making it easier to travel. By fixing current problems, working together, and using new technology, we can find ways to make lasting and meaningful improvements. For the future, we should look for ways to make these solutions work well for many people, not cost too much, and keep people's information safe, so they can really help everyone
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