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 Abstract – The histopathological images for cancer diagnosis has been significantly enhanced the advent of artificial intelligence and machine learning algorithms.
Lungs Cancer is one the leading life to cancer worldwide. Early treatment ad detection are very crucial for the patient recovery. Every year, millions of women across the globe are diagnosed with breast cancer. In this we explores how deep learning and machine learning can be easy to detect and classify cancer using histopathological images with high accuracy.
By using convolutional neural networks we can classify and detect the type of cancer which helps to fast and great accuracy in a shorter period the patient is go for right treatment procedure.
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I. Introduction
Lung cancer is one of the most widespread cancers in the world, with high mortality rates. The main diagnostic technique used is histopathological examination of lung tissue biopsies, which includes a number of limitations, such as variability in staining, human error, and time consumption. Deep learning, especially CNNs, finally brings an opportunity to make further improvements in diagnostic efficiency and accuracy.
This research focuses on three categories of lung tissue: benign, adenocarcinoma, and squamous cell carcinoma. In this study, we seek to classify the given images with high precision using CNN architecture enhanced with spatial attention and transfer learning for classifying histopathological images.
Context and Background 
AI, ML, and DL applications have affected many industries, but the integration with healthcare became a highly exciting domain in the last few years. Cancer is among the top causes of deaths worldwide; it calls for early and precise detection to raise the success rate of treatments for the same. The traditional methods of diagnosis rely on histopathological examination and its manual interpretation, which more often than not exhibits the inadequacies in precision, high time consumption, and subjectivity. The capabilities which are offered by AI technology, especially with regard to ML and DL, seem extremely promising in the scenario of overcoming these challenges. 
Overview of ML and DL Technologies

Artificial Intelligence is a broad range of technologies aimed at replicating human cognitive functions such as learning, problem-solving, and decision-making. The aim of machine learning is to build algorithms that allow systems to learn from data on their own, without the need for explicit programming. Deep learning represents an additional offshoot of machine learning that employs multi-layered neural networks that can process huge amounts of data with critical abstraction complexity.. These technologies have been widely used in the study of medical imaging, including MRIs, X-rays, and histopathology slides, in the field of cancer diagnosis. In terms of accuracy and performance, CNN is one of the DL architectures that has shown tremendous promise in removing complex characteristics from these images. These technologies have been applied in the field of cancer diagnosis widely with the analysis of medical imaging like X-rays, MRIs, and histopathological slides. CNN is one of the DL architectures that have made a great promise in extracting intricate features from these images.

Problem Statement while AI and its application to cancer diagnostics have dramatically progressed, the understanding of the precise impact that these technologies have on the transformation of clinical practices remains incomplete. Although traditional methods function satisfactorily to a considerable degree in their current forms, they are unable to cope with large volumes of data as well as the inherent complexities of medical imaging. In fact, no monumental research is found in cumulative studies that are inclusive of comparative effectiveness of different AI technologies, especially the ML, DL, and traditional approaches that may yield differences between cancer types. So far, possibilities of machine learning models in enhancing the diagnosis process have only very barely been tapped, especially through histopathological image analysis. However, as such technologies draw near to their translation into the real world, there is a desperate urge for research that evaluates practical implications of these technologies, points out remaining limitations, and develops pathways toward their integration into real-world clinical settings.

Research Objectives 
This paper tries to bridge this gap of understanding as it looks at the role of AI technologies, most prominently about Machine Learning and Deep Learning, in the early detection and classification of lung cancer. The key objectives of the study are: (1) to explore the likelihood of applicability of ML and DL algorithms, especially CNNs, in analyzing histopathological images for lung cancer diagnosis;
 (2) to understand whether these new technologies are more accurate than traditional diagnostic methods;
 (3) to evaluate whether the applications of these technologies would result in enhanced accuracy, speed, and reliability of the detection of the presence of cancer; 
(4) to understand insights from potential challenges and future directions for AI-based diagnostic systems in clinical practice. This work attempts to contribute to the continually evolving body of knowledge on how AI can be best applied in cancer diagnostics and how these technologies may offer a comprehensive lead towards improved treatment outcomes.
II. Literature Review
Overview of Machine Learning and Deep Learning in Cancer Diagnosis

The domain of medicine, particularly oncology, has been explored at great length by introducing AI, ML, and DL more particularly in terms of detection in cancer, promise to overcome the inherent limitations of traditional diagnostic methodologies, which rely heavily on manual interpretation by clinicians. Many research studies have been able to show the capabilities of ML as well as DL algorithms in enhancing the accuracy and efficiency of cancer diagnosis, especially in medical image analysis, such as the analysis of radiographs, CT scans, MRI images, and histopathological slides.

In addition to applications in cancer detection, many other tasks regarding cancer can be addressed through the help of ML algorithms. Techniques of supervised learning like Support Vector Machines (SVM), Random Forests, and k-Nearest Neighbors (k-NN) are used for tissue classification of their malignant or healthy nature from medical images. These actually work by learning with the presence of labeled datasets so that the model predicts the presence of malignancies in new, unseen data. Instead, DL methods, like CNNs, can automatically handle raw data by learning hierarchical features directly without manual extraction of features. The DL deep layers process complex image data patterns in such a way that it achieves better classification accuracy, especially for big, complex datasets.

Machine Learning Approaches Applied to Histopathological Image Analysis

With the advancements in machine learning, histopathological image analysis has become a significant area of research. The earlier works related to this area were based on classical ML algorithms. The earliest workers applied SVM and decision trees to classify tissue samples under different categories such as benign, malignant, or metastatic. For example, Litjens et al. demonstrated SVMs to be very effective at distinguishing between malignant and benign breast cancer tissue from histopathological image features.

Deep learning has ushered in a drastic paradigm shift in the approach to the analysis of histopathological images. This has been particularly revolutionary for CNNs. This methodology is facilitated by the automatic extraction of hierarchical features directly from raw pixel data. Cireşan et al. demonstrated, in a seminal study by 2013, that the approach would be overtaken by CNNs in terms of performance for breast cancer histopathological image classification. Generally, the capability of CNNs to capture minute details like cellular structures and tissue architecture has placed them as crucial instruments in contemporary diagnostics of cancers.
Deep Learning and Convolutional Neural Networks in Cancer Detection

Deep learning, which includes specifically CNNs, offers the most important development in medical image analysis. CNNs have been found to perform drastically better at automatically detecting several cancers, including lung, breast, and skin cancer. For example, in the diagnosis of lung cancer, several research works have applied CNNs to analyze CT images and histopathological images. Using a CNN model in the work of Shenetal. (2017), lung nodules were classified as malignant or benign, with superior diagnostic performance than the human experts. These show the ability of deep learning to detect early stages of cancer, and hence, are a much stronger diagnostic resource than the older imaging methods.
Moreover, CNNs have also been applied in multi-task learning by training the network on two tasks simultaneously, classification and segmentation. There are examples which utilize this concept, more so about the detection and outlining of tumors using images taken from lung cancer patients. An important publication by Tajbakhsh et al. in 2016 well proved the effectiveness of CNNs in lung nodule segmentation and classification as benign or malignant. The above advancements establish the ability of deep models not only to identify the existence of cancer but also to detect its boundaries precisely, which significantly increases their capabilities for diagnosis.

Limitations and challenges in applying AI technologies

However, the integration of AI, ML, and DL into diagnosis of cancer has great promise but is not without several challenges and limitations. Among the biggest challenges would be the need for large and high-quality datasets. Deep learning models, particularly CNNs, require enormous amounts of labeled data to train properly. In cases of medical images, annotated datasets can be expensive and time-consuming to acquire. The model is also exposed to noise or imaging conditions such as variations in resolution, illumination, and contrast.
Deep learning models lack interpretability. Despite the fact that CNNs can make predictions very effectively, they are sometimes assumed to be "black-box" models since they provide no transparency regarding the kind of decision-making process involved. This poses a challenge in clinical areas where clinicians need to grasp the rationale behind a model's predictions to accept the technology readily in clinical practice. Considerable work has been conducted to enhance the interpretability of deep learning models, and techniques such as Grad-CAM (Gradient-weighted Class Activation Mapping) have been devised to generate visual explanations for CNN-based predictions.
Future Directions
The future of AI in detection will be bright if deep models are further refined, especially with respect to generalizing well across diverse datasets. Overcoming technical challenges such as real-time processing of medical images and overt considerations with respect to ethical standards like patient confidentiality and data protection will be part of integrating AI systems into clinical workflows. 
Other lines of study concentrate on multi-modal approaches in which various AI methods are accumulated together to integrate information from multiple sources, such as medical images, patient history, or genomics, to improve diagnostics in cancer care. In effect, it is possible to create better and more robust diagnostic systems by exploiting the complementary strengths of different AI methods.
III. Methodology
Research Design
This research aims to investigate the application of ML and DL methods in lung cancer detection and classification based on histopathological images. Accordingly, this study will adopt a systematic approach by engaging both supervised and unsupervised learning methods to analyze the performance differences that varying algorithms make in classifying cancerous tissues. There are four stages of this study design: data collection, preprocessing, model development, evaluation, and analysis.
Data Collection
In this study, the dataset has involved histopathological images of lung tissue from available medical image repositories. Such datasets are typically used in research studies mainly focused on cancer. They have, therefore, been selected carefully so as to include various tissue types, stages of cancer, and conditions of imaging. The Lung Histopathological Image Dataset is the main dataset used here for research purposes. This dataset contains images labeled and categorized under benign, malignant, and metastatic conditions. All images include clinical information about the patients' demographic details and the known cancer stage.
In addition to the above, the data collection also incorporates metadata regarding the images, including resolution, imaging techniques, and preprocessing history, which helps in adding context to the results and in a more accurate assessment of the models' generalizability across various conditions of imaging.
Data Preprocessing
Before model training starts, several data preprocessing steps are conducted in order to guarantee that the images are appropriate for ML and DL model input. The stages of this preprocessing pipeline are as follows:
Normalization of images: They are of uniform dimension for all images in the dataset to fix the variation in size of the input shape. Pixel intensities normalized to the range [0, 1] to improve convergence during training.
Data Augmentation: Because the size of the dataset is small, random rotation, flipping, and scaling are added to artificially enlarge the dataset hence improving the robustness of the model against overfitting.
In the case of deep learning models, it performs segmentation on the entire image to acquire important ROIs such as tumors or abnormal tissue. This provides the model to concentrate on essential areas in the image that may hold the potential for growing cancerous cells.
Data Splitting: The process of splitting data into subsets of training, validation, and testing with a general approximation of 70% for training, 15% for validation, and 15% for testing. The training data set is used to train the model; the validation set tunes the hyperparameters; the test set is for generalization performance by your model.
Machine Learning Algorithms
Here, some of the classical machine learning algorithms and deep learning models are implemented and compared to assess their performance in detecting and classifying lung cancer in histopathological images.
Support Vector Machines (SVM): SVM is a classification tool with a supervised learning pattern. The idea is to find the hyperplane that maximally discriminates one class from another in a given dataset. An RBF kernel is used to transform the data into a space of higher dimensionality that hopefully allows better separation of the points than in the original input space.
Random Forest: This is a type of ensemble learning method, where multiple decision trees are created and their outputs are combined through majority vote to improve the classification accuracy. Since the selection process for training each tree is done randomly in all the data, Random Forest classifies the majority vote of each tree. Random Forest is highly robust and doesn't mind data high in dimensionality.
k-Nearest Neighbors (k-NN): The algorithm is used to classify an image based on the nearest distance of other labeled images in the given dataset. Based on the distance of the test image with k nearest neighbors, the model assigns the most common label used by the neighbors.
Deep Learning Models
Convolutional Neural Networks (CNNs): CNNs are deep learning models used to perform image analysis tasks. These are models that automatically learn hierarchical features from the raw pixel data of images with convolutional layers, followed by pooling layers reducing dimensionality. CNNs have proved quite effective in many applications, such as object detection and classification. CNNs have been used in this study to detect cancerous tissues in histopathological images.
Model Architecture: A customized CNN architecture has been designed for this study. One important thing is that it will have multiple convolutional layers, max-pooling layers, dropout layers to avoid overfitting, and fully connected layers to classify at the end. The model is also using ReLU, activation functions for non-linearity as well as softmax activation for outputs to classify into multi-class.
Transfer Learning: In case of minimal data, transfer learning involves the use of pre-trained deep architectures like VGG16, Resnet, or InceptionV3 that have been trained over large image datasets. The models will be fine-tuned on the lung cancer dataset to adapt their learned feature sets to the specific problem of classification in the case of cancer.
Evaluation Metrics
Important metrics that will be utilized for judging the efficiency of the ML and DL models.
Accuracy: This refers to the number of correctly classified instances in the testing set.
Precision, Recall and F1-Score: This measures how accurately a model finds the cancerous tissues (positive class) with a minimum number of false positives and false negatives.
Area Under the Receiver Operating Characteristic Curve (AUC-ROC): The AUC-ROC score is used for evaluating the trade-off between the true positive rate and the false positive rate. The higher the AUC, the better the performance of the model.
Confusion matrix: This gives the ability to visualize performances of a classification model by showing the number of correct and incorrect predictions for different classes-to namely benign, malignant, and metastatic.

Statistical analysis
The results of multiple models are compared through statistical tests such as t-tests or ANOVA in order to validate the outcomes of machine learning models. Statistical significance is achieved at a p-value of 0.05. The model's stability and its overfitting tendency are also investigated through cross-validation techniques.
Ethical Considerations
Since this paper is based on medical data, research on the use of human data therefore means it is conducted based on ethics in human data research. All datasets are public repositories, and the patient's data is made anonymous for privacy. For datasets which have been made publicly available, informed consent is assumed regarding use of medical data.
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IV. Conclusions
This paper presents the use of machine learning technologies and deep learning for lung cancer detection and classification from histopathological images, thereby filling a gap in understanding how these technologies can dramatically impact cancer diagnosis and treatment. Analysis of the results shows major potential for both ML and DL to enhance the accuracy and efficiency of detecting cancer. It can be obviously mentioned that deep learning models, especially Convolutional Neural Networks, outperform the traditional ML techniques like SVM, RF, and k-NN for classification accuracy and robustness. Suitable preprocessing of data images and applying augmentation techniques along with fine-tuning model performance show good generalizability across different types of lung cancer as well as image qualities of histopathological images. This research work calls attention to the role artificial intelligence plays in transforming cancer diagnosis. Automatic systems can minimally reduce human error, increase speed of diagnosis, and inform clinical decisions regarding appropriate treatment by not over-relying on manual interpretation. 
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