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ABSTRACT
A company's initial public offering (IPO), when it first sells shares on the market, is what initially determines stock prices. To calculate the appropriate price for the stock, investment firms consider a number of factors, including the total number of shares being offered. After that, the aforementioned factors will cause the share price to fluctuate, mostly based on the earnings that the company is anticipated to produce.  Traders continuously assess a company's value using financial metrics, such as its profits history, market fluctuations, and the profit that may be reasonably anticipated. However, any attempt at prediction would be quite impossible due to the stock market's intricacy and turbulence. As a result, stock price forecasting has grown in significance as a field of study. The goal is to forecast machine learning-based stock price prediction methods. SMLT's supervised machine learning technique (SMLT) analyzes the dataset utilizing univariate, bivariate, and multivariate analysis. to suggest a machine learning-based technique for precisely forecasting stock price. The best accuracy with precision, recall, and F1 Score can be compared to the proposed machine learning algorithm technique.
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INTRODUCTION
The inherent unpredictability makes it impossible to predict the stock index and stock price. Investors conduct two different types of analyses before making stock investments. The basic analysis comes first. When deciding whether to invest or not, investors take into account the share price, the state of the market and economy, the political climate, etc. In contrast, technical analysis analyzes stocks by interpreting market activity indicators like prior prices and volumes. Performance analysts use stock charts to spot patterns and trends that could affect how the stock will behave in the future rather than attempting to gauge internal security worth. This makes sense because stock prices will start to reflect how the public perceives the company under various uncertain circumstances, such as the nation's political climate. Therefore, the trend of a stock or stock price index can be forecasted provided the information gleaned from stock prices is pre-processed well and proper algorithms are used.

PROBLEM STATEMENT

Every day, the stock market is covered in the news. Every time it achieves a new high or low, you hear about it. If a reliable algorithm could be developed to forecast the short-term price of a specific stock, the rate of investment and business opportunities on the stock market may rise. 

The PCC (Pearson Correlation Coefficient) and BLS (Board Learning System) have been used in the past to predict stock prices. The goal of this research is to determine whether it is possible to develop a model that will accurately and efficiently predict stock price by providing future predictions based on data analysis using regression models.
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Figure 1. Stock Market Background


SCOPE

Stock price forecasting determines the market's future reach. Building a system that will function with the maximum level of accuracy and that considers all significant factors that might have an impact on the result is essential. There have been many research done in the past to predict stock market prices.

Open: The initial price at which a stock trades throughout the day.
A stock's closing price on a trading day.
High: The impartialities symbol's daily highest price. 
Lowest share price for the day.

1.3 OBJECTIVE

The process of predicting prospective shifts in the value of a stock's position on a financial exchange is known as stock market forecasting. If fluctuations in the price of shares can be accurately forecast, then investors will have a greater opportunity to make a profit. Forecasting the movement of stock prices is done with the objective of realizing big financial gains. The primary goal of the approach that has been suggested is to determine which model is the most accurate in predicting stock market value.

1.4.   BASIC CONCEPTS


Machine learning:

The field of research known as machine learning (ML) focuses on the development of computer programs that can improve themselves over time. It is considered an element of artificial intelligence (AI). In the field of machine learning, algorithms develop a mathematical model using sample data, which is sometimes referred to as "training data," so that they may make predictions or judgments without being specifically instructed to do so. The process by which machine learning operates is fairly complicated and is highly variable, depending not only on the job at hand but also on the algorithm that is employed to complete the task. But at its heart, a machine learning model is nothing more than a computer program that sifts through data in search of patterns and then applies what it has learned to the problem at hand.	

Types of Machine Learning models:

It is possible that different situations may demand more or less human interaction or reinforcement when it comes to machine learning algorithms. Supervised learning, unsupervised learning, semi-supervised learning, and reinforcement learning are the four basic models that are used in machine learning. A computer is provided with a labeled collection of data in the process of supervised learning. This allows the computer to learn how to do a human skill. This model is the most straightforward one since it is intended to represent human learning. During the process of unsupervised learning, the computer makes discoveries about patterns and insights that it was not previously aware of by making use of data that has not been labeled. This is accomplished through machine learning algorithms in a number of methods, including the following:
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Figure 2.a) Supervised learningb) Unsupervised learning

Clustering is a method in which a computer finds data points within a collection that are similar to one another and then organizes the points into "clusters" as a consequence. Density estimation is a technique in which the computer draws conclusions about a data collection by examining the way in which the data are distributed. The method by which a computer is able to recognize data points that are notably distinct from the rest of the data in a data collection is referred to as anomaly detection. Principal component analysis (PCA) is a statistical technique that involves a data collection being analyzed and summarized by a computer in order to get accurate forecasts from the data. 

During the semi-supervised learning process, the computer is provided with a collection of partially labeled data and is tasked with figuring out the parameters for understanding the unlabeled data by using the labeled data and observing its surroundings. Reinforcement learning is used by the computer to select the best course of action that will minimize risk and/or maximize reward. This strategy is iterative and requires some kind of reinforcement signal to assist the computer in selecting the most appropriate action to do.

Regression Model:

Regression analysis is a statistical approach that simulates the connection between one or more independent variables and one or more dependent variables using one or more dependent variables. Regression analysis is useful for gaining an understanding of how the value of a dependent variable shifts in response to changes in the value of an independent variable, particularly in situations in which other independent variables are maintained constant. It makes predictions based on actual, ongoing data such as temperature, age, pay, and cost, amongst others.
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Figure 3. Regression Model
The method of regression, which is part of supervised learning, enables us to make predictions about the continuous output variable based on one or more predictor variables and provides assistance in determining the relationship between the variables. The majority of the time, it is used for making predictions, modeling time series, making forecasts, and figuring out the link between different variables. It is used to figure out patterns in the market. It is used to detect trends in the data. It is useful for forecasting real or continuous data. The method of regression, which is part of supervised learning, enables us to make predictions about the continuous output variable based on one or more predictor variables and provides assistance in determining the relationship between the variables. The majority of the time, it is used for making predictions, modeling time series, making forecasts, and figuring out the link between different variables, identifying trends and patterns in the industry.

LITERATURE SURVEY

[bookmark: SECOND_HAND_PRICE_PREDICTION_FOR_TES]In this article, we explore how a technology called machine learning is being utilized in order to construct a system that can estimate the price of a used Tesla car. In order to accomplish this objective, many various machine learning approaches, including decision trees, support vector machines (SVM), random forests, and deep learning, were studied, and in the end, boosted decision tree regression was chosen as the approach to use in practice. It is therefore highly crucial, but also very difficult, to make an accurate prediction of the price of a used Tesla car. 

Two distinct phases made up the whole of the procedure for developing a system to forecast prices of used goods. A customer's present Tesla vehicle's future value is estimated in one of the sections of the report. It contributes to the process of recommending alternate driving practices that, taken together, would minimize the price decline of the car. Another part of the process consisted of determining how much a Tesla vehicle costs by tracking the pricing of used automobiles on various websites that offered sales of material for used Tesla vehicles and providing a comparison. The operation of this second segment will be the primary focus of our attention. 

The most important component of the whole system is called become it. Websites such as truecar.com, autotrader.com, and cars.com are just few examples of those that provide this information. To obtain this information, we made use of a data scrapper, and then we fed it into our machine learning system in order to make a prediction about the price. The standard way of analysis is unable to tackle the problem of resolving the changes in stock price that are caused by the concealed vital information. This results in a significant reduction in the accuracy of the forecast. Within the scope of this investigation, we construct an improved version of a brand-new stock forecasting model. We use methods such as depth learning LASSO and PCA to conduct dimension reduction on the multiple influencing factors of the returned stock price, while also including a number of technical indicators such as investor sentiment indicators and financial data. This allows us to do dimension reduction in a manner that is more manageable. 

In addition, a comparison of the capabilities of LSTM and GRU to forecast the stock market under a variety of different circumstances was carried out. Our study demonstrates that (1) neither LSTM nor GRU models are superior to the other in their capacity to accurately predict stock prices, and that (2) for the two different dimension reduction techniques, both of the neural models using LASSO reflect higher prediction ability than the models using PCA. In addition, our findings show that (2) for the two different dimension reduction techniques, both of the neural models using LASSO reflect higher prediction ability than the models using PCA. The traditional methods used to anticipate stock prices are mostly linear models. Some examples of these models include the auto-regressive integrated moving average (ARIMA) model [2, the multiple linear regression model, and the exponential smoothing model. This article presents a clustering approach for mining comparable stocks that combines morphological similarity distance (MSD) and k-means clustering. The goal of this method is to find groups of stocks that are very similar to one another. Hierarchical Temporal Memory (HTM), an online learning model, is then used to learn patterns from comparable stocks and generate predictions in the end. 

This model is labeled as C-HTM. The studies on price prediction reveal that 1) C-HTM has greater prediction accuracy than HTM, which has not learnt similar stock pattern, and 2) in terms of short-term prediction, the performance of C-HTM is superior than all baseline models. Both of these findings may be attributed to the fact that C-HTM has learned similar stock patterns. Traditional statistical models have been proven to have less hopeful prospects than machine learning models, which have demonstrated more positive possibilities. 


A model for predicting time series that makes use of differences is called autoregressive integrated moving average or ARIMA for short. Based on encoder-decoder architecture, this paper proposes a stock price trend prediction model (TPM) that can anticipate the movement of stock prices and the length of such movements in an adaptive manner. A dual feature extraction technique based on different time periods is offered as the initial step in the process of extracting more information from the data pertaining to the market. In contrast to typical approaches, which only extract features from information at particular exact time periods, the PLR approach and CNN are used by this proposed model in order to extract the long-term temporal characteristics and the short-term spatial features from market data. This is done in order to better predict market behavior. 

The second stage of the suggested TPM makes use of an encoder-decoder architecture that is based on a dual attention mechanism in order to choose and combine relevant dual characteristics, as well as to anticipate the trend in stock price. In order to evaluate the efficacy of our proposed TPM, we first gathered high-frequency market data for the stock indexes CSI300, SSE 50, and CSI 500. Then, we put these three data sets through a series of tests. The results of the experiments show that the proposed TPM functions more effectively than the methods that are considered to be state-of-the-art at the moment, such as SVR, LSTM, and CNN. The ability to accurately forecast changes in stock prices is now one of the most pressing challenges facing the stock market. The data on stock prices is an example of a financial time series that is becoming more difficult to forecast due to the attributes it has and the dynamic nature it possesses. 

In the practice of forecasting stock prices and the paths those values will take, artificial neural networks and support vector machines are employed extensively. Each algorithm has its own one-of-a-kind strategy when it comes to locating patterns and developing forecasts. Technical analysis is included into a widely used technology that is known as an artificial neural network (ANN). This technique is used for producing projections in the financial markets. In the process of predicting financial time series, the methods of Back Propagation Neural Networks (BPNN), Support Vector Machines (SVM), and Support Vector Regression (SVR) are used the majority of the time. In this article, we evaluate the efficacy of three distinct learning algorithms—Levenberg-Marquardt, Scaled Conjugate Gradient, and Bayesian Regularization—based neural networks for stock market prediction. The data used comes from an Indian firm and is broken down into 15-minute intervals as well as ticks. 

In this investigation, we make use of multivariate time series analysis to discover and anticipate trends involving stock indices. Our drive comes from the notion that the pattern recognition and price prediction of stock indexes may be more realistic and helpful for financial planning than more traditional approaches such as the Autoregressive Integrated Moving Average (ARIMA) model. This is the reasoning behind why we decided to pursue this line of inquiry. Toeplitz Inverse Covariation-Based Clustering (TICC) is an example of architecture with three stages. Temporal Pattern Attention and Long-Short-Term Memory (TPA-LSTM) and Multivariate LSTM-FCNs (MLSTM-FCN and MALSTM-FCN) are used for the purposes of pattern identification and predicting stock indexes. Using TICC, our initial step is to search for consistent patterns in stock indexes. After that, in the second step, multivariate stock indices are forecasted by employing a technique called TPA-LSTM, which takes into consideration both weak periodic patterns and lengthy short-term information. During the third stage of the experiment, MALSTM-FCN is used to make predictions on the price trend of stock index indices.
	
PROPOSED SYSTEM
A generalized dataset would be formed by combining datasets coming from a variety of different sources. In this part of the report, the data will be loaded, the cleanliness of the dataset will be checked, and then the dataset will be trimmed and cleaned so that it may be analyzed. 

The data set that was gathered for the purpose of making predictions based on supplied data was divided into two parts: the Training set and the Test set. In most situations, ratios of 7:3 are used for dividing the Training set and the Test set. The data model, which was created with the help of machine learning algorithms, is applied to the Training set, and then, based on the accuracy of the test results, a prediction is made about the Test set. The ML prediction model is successful in predicting the Tesla stock issue because it is good in preprocessing outliers and unimportant factors, and it also contains a combination of continuous, categorical, and discrete variables.

[bookmark: Methodology]METHODOLOGY:
Data:
[bookmark: Extracting_samples]Algorithms for machine learning (ML) learn from data. You must be sure to give them the pertinent information for the issue you're trying to resolve. Even if you have decent data, you still need to make sure that it is scaled, formatted, and even contains relevant landscapes. There is data everywhere. Terabytes of new data being created every second. Useful data for machine learning can take many different forms. Effective model training can be achieved with structured data.      Extracting samples
In this dataset we have total of 4263 rows of daily composed data of TESLA stock. Here we collected open price, closing price, high price of the day, volume and date.
[bookmark: Tasks]  Tasks

The main point of a task is to decide what to do with all the data we accrued. When different types of data are thrown at you, what do you do with them or how do you go about it? Some categories of tasks include classification and regression (under supervised learning) and clustering and generation (under unsupervised learning).
[bookmark: Models] Models
Finding a mathematical relationship that links the input data to the outputs is what we now need to do. And this function should accomplish this correctly for all situations, not just those in which we already know the outcome. In other words, once you train the function and identify its precise restrictions, it should perform flawlessly even if it had never encountered test data during any of its training cases.
[bookmark: Regression_Model]Regression Model:
Using the statistical method known as regression, an effort is made to control the form and strength of the relationship between one dependent variable (commonly denoted by Y) and a number of other factors (referred to collectively as independent variables). When it comes to valuing [image: image11.png]assets and understanding the relationships between a variety of elements, such as the price of a commodity and the shares of a firm that deals in that commodity, regression is a useful tool for investment and financial managers. Regression helps these managers understand the connections between numerous aspects.

Simple linear regression: Y = a + bX + u
Multiple linear regression: Y = a + b1X1 + b2X2 + b3X3 + ... + btXt + u

[bookmark: Learning_Algorithm]

LEARNING ALGORITHM
Assume we have some data, we have a exact task that we want to accomplish, we have a proposed model that will hopefully predict the values of the output for every input and undertake the model is given by the function If we have certain values for the parameters a,b and c, then we can also discover a loss function relating how off the forecast function is from the actual values. One way to do it is to assume 1. 2. # change y from {0,1} to {-1,1} y [where (y == 0)] = -1 22 a range for a, b and c, like -20 to +20 and plug in values for all the different groupings and find out by brute force, for which values of a, b and c is the value of the loss function reduced. And to do this resourcefully, we make use of a couple of algorithms.

EVALUATION
A model is simply evaluated by looking at the results to see if they match our expectations. It is quite similar to the way we create code: we check for problems, fix them, and then run the code again to make sure it still works.

To determine how well the model has performed in the instance of machine learning, we contrast the expected and received results. The output the labels produce in the various test cases determines whether they pass or fail. The "life-cycle" of deploying a machine learning model ends with evaluation, when we evaluate the results and determine whether they are what we wanted. Evaluation differs from loss function minimization in that it is always conducted on test data rather than training data.
[bookmark: MethodologySummarization]
Methodology Summarization:


Figure5.1: Flow chart










RESULTS

Based on the experimental outcomes presented, it can be concluded that the Ridge regressor exhibits the highest level of accuracy as a prediction model for Tesla stock prices. The Ridge regressor is a variant of linear regression that incorporates L2 regularisation in order to impose a penalty on coefficients with high magnitudes. This strategy aids in mitigating the issue of overfitting in the model's training data, hence enhancing its ability to generalise to unseen data.

The Ridge regressor shown superior performance compared to other prediction models, including Linear Regression, Lasso Regression, and Elastic Net Regression, across many regression model metrics such as Mean Squared Error (MSE), Root Mean Squared Error (RMSE), Mean Absolute Error (MAE), and Median Absolute Error (MedAE). This implies that the Ridge regressor has a higher level of accuracy in forecasting future stock prices for Tesla.

Below are more facts pertaining to the figure that you have presented:

[image: image15.png]
Figure 7.1: Sample input

The provided visual representation depicts a graph illustrating the historical prices of Tesla stocks. The sample inputs are derived from the plot in order to predict the precise model of the programme.







[image: image16.jpeg]
Figure 7.2: Sample Output

The provided graphic illustrates the example outcome obtained from the stock price prediction using the specified inputs. The stock is projected to conform to the exact model.

In general, the empirical results indicate that the Ridge regressor exhibits the highest level of accuracy as a predictive model for Tesla stock prices. The observed phenomenon can be attributed to the Ridge regressor's capacity to mitigate overfitting and enhance generalisation performance.

CONCLUSION AND FUTURE WORKS
In this project, by forecasting the stock price using machine learning technique, we are able to anticipate the stock price of any given firm. In the past, a lot of researchers have employed machine learning algorithms that have produced improved results and feature selections for forecasting the performance to evaluate the stock price for the future using previous and historic data. The stock market has previously benefited from the highest accuracy and efficiency thanks to the use of various machine learning algorithms. Now that it is possible to forecast stock prices using regression models and historical data, we are doing so. Regression models were offered as a machine learning technique for forecasting stock prices as they were recorded on the TESLA stock market. The experimental findings demonstrated that, in comparison to the other prediction models stated above, the Ridge regressor delivered more accurate future values.
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